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Open Source Analytics Overview

« Current Trends, Challenges, and Solutions
« Integrate Data from Many Diverse Sources
« Integrate Multiple Solutions and Deploy Automatically

« Analytics from Classical Business Intelligence to
Predictive Analytics

- Big Data and Big Data Analytics Solutions

- Making Analytics Easy to Use for Business Users

« RapidMiner: Key Facts, Solutions, Customer Successes
« United Consult: Analytics Expertise in Hungary
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OVERVIEW:
OPEN SOURCE

ANALYT]CSTTRENDS

Trends, challenges, and inno



Analytics Trends and Challenges

« More and more data becomes available for analysis

e Structured and unstructured data

« Classic: structured data:
« SQL databases: Oracle, IBM DB2, MS SQL Server, MySQL, PostgreSQL, Ingres, Actian, Teradata ...
« Flat files like Excel, CSV, SAS, SPSS ...
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Analytics Trends and Challenges

« More and more data becomes available for analysis

e Structured and unstructured data

« Classic: structured data:
« SQL databases: Oracle, IBM DB2, MS SQL Server, MySQL, PostgreSQL, Ingres, Actian, Teradata ...
Flat files like Excel, CSV, SAS, SPSS ...

« New: unstructured data:
« Text documents, web pages, social media, web services ...
* Audio, images, multi-media data ...
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Analytics Trends and Challenges

« More and more data becomes available for analysis

e Structured and unstructured data

« C(Classic: structured data:
SQL databases: Oracle, IBM DB2, MS SQL Server, MySQL, PostgreSQL, Ingres, Actian, Teradata ...
Flat files like Excel, CSV, SAS, SPSS ...

« New: unstructured data:
Text documents, web pages, social media, web services ...
Audio, images, multi-media data ...

« Diverse data sources need to be integrated
« Business applications and IT systems: CRM, ERP, Web Shops, etc.
« Analytics and data mining engines: RapidMiner, R, Weka, MatLab/Octave, etc.
« External Data: Web, Social Media, News, Data Providers, etc.
» New internal data sources: Sensor Data, Data Streams, etc.
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Analytics Trends and Challenges

- More and more data becomes available for analysis

« Structured and unstructured data
« Classic: structured data: SQL databases and flat files like Excel, CSV, SAS ...
« New: unstructured data: text documents, web pages, audio, images ...

« Diverse data sources need to be integrated
« Business applications and IT systems: CRM, ERP, Web Shops, etc.
 Analytics and data mining engines: RapidMiner, R, Weka, MatLab/Octave, etc.
 External Data: Web, Social Media, News, Data Providers, etc.
« New internal data sources: Sensor Data, Data Streams, etc.
« Big Data: very large amounts of data need to be analyzed

- The amount of data often cannot be stored on a single computer or in a
single database anymore => distributed data storage and processing:
Hadoop, Hive, Mahout, etc.
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Analytics Trends and Challenges

« More and more data becomes available for analysis

 Structured and unstructured data
« Classic: structured data: SQL databases and flat files like Excel, CSV, SAS ...
« New: unstructured data: text documents, web pages, audio, images ...
« Diverse data sources need to be integrated
« Business applications and IT systems: CRM, ERP, Web Shops, etc.
« Analytics and data mining engines: RapidMiner, R, Weka, MatLab/Octave, etc.
- External Data: Web, Social Media, News, Data Providers, etc.
« New internal data sources: Sensor Data, Data Streams, etc.

- Big Data: very large amounts of data need to be analyzed

« The amount of data often cannot be stored on a single computer orin a
single database anymore => distributed data storage and processing;:
Hadoop, Hive, Mahout, etc.

=> RapidMiner can handle, integrate, and analyze all these
data sources and systems
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Analytics Trends and Challenges

« More and more data becomes available for analysis

Structured and unstructured data
Diverse data sources need to be integrated
Big Data: very large amounts of data need to be analyzed

« The tasks become more demanding and complex

Business users need insights for their decisions

More business processes need to be automated

Decisions need to be automated or supported in near real-time
Reporting the past is not enough, foresight is needed
Self-service Bl requested => ease of use essential
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Predictions and Foresight a Must

 Analytics from Classical Business Intelligence to
Predictive Analytics:
« Classical Bl: Report, what has happened in the past
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Predictions and Foresight a Must

 Analytics from Classical Business Intelligence to
Predictive Analytics:
« Classical Bl: Report, what has happened in the past

« Predictive Analytics: Predict what will happen in the future:
« Which customers are most likely to buy or to churn?
« Which product or service is a customer most likely to buy?
« Which machine is likely to fail and why and how can | prevent it?
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Predictions and Foresight a Must

 Analytics from Classical Business Intelligence to
Predictive Analytics:
« Classical Bl: Report, what has happened in the past

« Predictive Analytics: Predict what will happen in the future:
« Which customers are most likely to buy or to churn?
« Which product or service is a customer most likely to buy?
« Which machine is likely to fail and why and how can | prevent it?
« From Insight to Action: Decision Support or Automation:
« Automated Product Recommendation Systems in Online Shops
« Marketing Campaign Optimization, Cross- & Up-Selling, Churn Prevention
« Manufacturing Machine Failure Prediction and Prevention
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Predictions and Foresight a Must

 Analytics from Classical Business Intelligence to
Predictive Analytics:

 Classical Bl: Report, what has happened in the past

« Predictive Analytics: Predict what will happen in the future:
« Which customers are most likely to buy or to churn?
« Which product or service is a customer most likely to buy?
« Which machine is likely to fail and why and how can | prevent it?

« From Insight to Action: Decision Support or Automation:
« Automated Product Recommendation Systems in Online Shops
« Marketing Campaign Optimization, Cross- & Up-Selling, Churn Prevention
« Manufacturing Machine Failure Prediction and Prevention

« Actionable Insights for a Predictive Company: enable a faster,

more agile, more effective, and more successful company:
=> Act, before a problem occurs

=> Act, before an opportunity is missed
=> Reduce risks and costs

=> [ncrease sales and profits
))/)J rapidminer



Big Data, Analytics, and Scalability

Big Data Challenge and Big Data Analytics Solution

« Some data sets to large to fit into one database or server
=> distributed data storage and processing
=> RapidMiner seamlessly integrates Hadoop, Hive, Radoop, etc.
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Big Data, Analytics, and Scalability

- Big Data Challenge and Big Data Analytics Solution

« Some data sets to large to fit into one database or server
=> distributed data storage and processing
=> RapidMiner seamlessly integrates Hadoop, Hive, Radoop, etc.

- RapidMiner offers flexible options for scaling to large data sets:
* In-memory analytics
« In-database analytics

- Hadoop-based analytics
=>you can choose the best approach for your application and data
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Big Data, Analytics, and Scalability

Big Data Challenge and Big Data Analytics Solution

« Some data sets to large to fit into one database or server
=> distributed data storage and processing
=> RapidMiner seamlessly integrates Hadoop, Hive, Radoop, etc.

- RapidMiner offers flexible options for scaling to large data sets:
* In-memory analytics
« In-database analytics

- Hadoop-based analytics
=>you can choose the best approach for your application and data

« Seamless integration of RapidMiner, Hadoop, Hive, Radoop, etc.
=> Big Data Analytics Made Easy
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Big Data, Analytics, and Scalability

- Big Data Challenge and Big Data Analytics Solution

« Some data sets to large to fit into one database or server
=> distributed data storage and processing
=> RapidMiner seamlessly integrates Hadoop, Hive, Radoop, etc.

- RapidMiner offers flexible options for scaling to large data sets:
* In-memory analytics
« In-database analytics
- Hadoop-based analytics
=>you can choose the best approach for your application and data
« Seamless integration of RapidMiner, Hadoop, Hive, Radoop, etc.
=> Big Data Analytics Made Easy

- Big Data: How big is big? When to use which approach?
http://rapidminer.com/2013/07/31/rapidminer-big-data-how-big-is-big/
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RAPIDMINER:
SOLUTIONS AND

CUSTOMER STORIES

RapidMiner delivers the power of predictive analytics to
business users. No programming required.
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RapidMiner Predictive Analytics: easy to use, deploy, and
integrate — no programming required

Key Business Metrics

Company Overview - Founded as Rapid-I in

- Provides software, solutions, and services for predictive 2006 in Dortmund,

analytics, data mining, and text mining Germany; U.S. office

- Flagship product RapidMiner is the world-leading open- opened in 2012

source system for knowledge discovery, data mining 30 employees worldwide

and sentiment analysis - 10,000+ downloads/mo.
— Easy to use, blazing fast, and very easy to integrate - 35,000+ active
with any IT infrastructure deployments, with
— Support from a thriving community of contributors 200,000+ users
creating new extensions and applications - 1000+ trained experts
— Processes designed in RapidMiner can be one-click . 500+ customers in over
deployed to RapidMiner Server, and instantly used 50 countries

for interactive reports, dashboards & web services

- A unigue Marketplace for independent developers to
publish and monetize their innovative extensions

« 35+ channel partners
- 100+ active developers
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RapidMiner Visual Environment

With access to over 1,500 operators, the Java-based visual environment of
RapidMiner allows for rapid process development

=3 Vi i Process - i P

TB02

Eile Edit Process Tools View Help

L overview

| & Repositories

a|»

£ Operators.
@ -
(2] Process Control (5)
(3 Utility (1)
- Repository Access (2)
) Import (1)
(3 Export (1)
(2] Data Transformation
(] Modeling
() Evaluation
] Text Processing (7)
(2] Reporting (5)
(] series

E-E

¢ ]

TEES 2 PNE VIO

" Process
&E-w - 3
inp
Retrieve
@ out
(2]
Decision Tree
Q= @) mad
| i R Weight by Reli..]
(- exa i
b Clustering
) exa el
@ = Correlation M...
e exa
mat
il
&)
/3 Problems -| Comment o Log
Y& NoErors
Message Fixes Location

res

res

res

res

res

res

) Decision Tree

criterion

(ain_ratio ] ~

minimal size for split

minimal leaf size

minimal gain

maximal depth

confidence .2:

o)l (=) =
of|2
&

nhumber of preprunin...

[} no pre pruning

[7) no pruning
& Help
o =
» Decision Tree
Synopsis
Learns a pruned decision tree which can
handle both numerical and nominal
attributes.
Description
This operator learns decision trees from
hoth nominal and numerical data.
Decision trees are powerful classification
methods which often can also easily be
understood. This decision tree leamer
works similar to Quinlan's C4.5 or CART.
The actual type of the tree is determined
by the criterion, e.g. using gain_ratio or
Gini for CART / C4.5.
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RapidMiner Server
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Representative
RapidMiner Server
Dashboard

The RapidMiner Server
provides enterprise-wide
process development and
process to web-service
conversion with dynamic
dashboards and data
visualizations.
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RapidMiner Data Visualization

Supported by strong analytics capabilities, the RapidMiner suite of
applications let users visualize their data and models in a myriad of
dynamic, customizable outputs.
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RapidMiner is unmatched in the industry.



Highly-Ranked Vendor

The Tools We're Using — Ranked by Usage
* The average data miner reports using 5 software tools
* Ris the tool used by the most data miners (70%)
» |IBM SPSS Statistics, Rapid Miner, and SAS also have many users
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RapidMiner Leads the Market

a0 392%
37,4%

35,0%

15,0%

10,7%
10,0% 9.0% B,7%
7,0%

3,0%
2,8%
2,2% 1,8% 1,4% 1o

0,0%
RapldMiner R S5AS StatSoft |IBMSP55 MSSOL  Revolution Salford KXEM Tibco  Orade Data
Statistica Server  Analytics Systems Spotfire Miner

Source: KDNuggets 2013 - Predictive Analytics / Data Mining Software used in past 12 months for a real project
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Here's Why

Open Source Community & Marketplace - Crowd-sourced innovation,
quality assurance, market awareness.

Fully-integrated Platform - Integrated, process-based business analytics
platform with focus on predictive analytics.

No Programming Required - Easy-to-use, low maintenance costs,
standard platform for business analysts.

Advanced Analytics at Every Scale - In-memory, in-database and in-
Hadoop analytics offer best option for every size of database.

Connectivity - More than 60 connectors (incl. SAP & Hadoop), allowing
easy access to structured and unstructured data.

Q))) rapidminer y



The Numbers

3,000,000 total downloads
- 200,000 RapidMiner active users

- 10,000 monthly product downloads
« 95,000 newsletter subscribers

- 1000 education customers

- 500 customers

- 100 certified analysts

- 35 partners world-wide

« Platinum Partner United Consult with 130 consultants
N Hungary
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A SELECTION OF
OUR CUSTOMERS




10,000+ Downloads per Month
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Select Customer Stories

Sanofi g

SANOFI
Who > Global leader in
pharmaceutical industry
with 100,000 employees
in 100 countries

Solution > Prediction of
sales volumes; CRM
optimization; social media
monitoring and sentiment
analysis for identifying
undesired drug side
effects and automated
alerts; network analysis
and visualization for
identification of most
relevant target persons or
computer network
bottlenecks

Telenor
Group

/G telenor

Who > Leading Financial
Times Global 500 mobile
operator with close to 150
million mobile
subscriptions in 29
markets

Solution > CRM
applications including
optimization of direct
marketing campaigns,
automated generation of
product
recommendations for
cross-selling and up-
selling, customer churn
prevention, and fraud
detection

GfK

Who > One of the world's
largest market research
firms with 11,000
employees researching
how people live, think and
consume. Provides clients
in 100+ countries with
customer insight data,
including services for the
consumer goods, media,
pharmaceutical, and
services markets

Solution > Sentiment
Analysis of online text
sources, including social
media and other user
generated content
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Select Customer Stories continves)

mobilkom
austria

mobilkom austria

Who > Leading Austrian
mobile phone service and
internet provider

Solution > Optimize the
customer support by
automatically categorizing
incoming e-mails by
content and forwarding
them to the appropriate
department or person in
charge, thereby reducing
response time and cost
and increasing customer
satisfaction

PayPal

Who = World leading
online payment services
provider

Solution > Customer
feedback and voice of the
customer analysis, churn
prediction and prevention,
text mining, automated
text categorization, and
sentiment analysis to
customer support and
satisfaction and prevent
customer churn

PayPal

SmartSoft «{. > SmartSoft

Who > Provider of
solutions for preventing
fraud, money laundering,
and risks in financial
institutions

Solution > Integration of
Rapid-I's predictive
analytics engine into their
solutions for fraud
detection and fraud
prevention for the
financial and telecom
sectors
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Use Cases

RapidMiner and RapidMiner Server have been implemented and integrated to
address key business issues

- Marketing response rates

- Customer segmentation

- Loyalty, retention, and attrition

- (Credit scoring

- Fraud models

- Resource planning

- Asset maintenance, failure prediction and prevention
- Life sciences

- Social media monitoring

Q))] rapidminer 32
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OUR PREDICTIONS:
VISION & ROADMAP

Transform Market Penetration to Market Leadership



RapidMiner v5.3

UPGRADED JANUARY, 2013

RapidMiner v5.3 New Features

Access to popular data sources
including Microsoft Excel 2007 and SAS
Easier to use: new documentation for
the 200 most important operations;
new wizards, e.g. for defining execution
schedules on the server or for complex
regular expressions

More powerful analyses: more
aggregation functions and 20 new
functions for analysis and data handling
Improved robustness: safe-mode

In addition, more than 100 small
improvements and bug fixes

Q))) rapidminer

» More powerful data analysis operators  « Integrated with the Marketplace

— Users now have access to a central
storehouse of product extensions

— Users and developers now have the
option to monetize their extensions:
they can now create not only free,
open source extensions for
RapidMiner but also commercial
extensions

— Supports in-program browsing of the
Marketplace, defining favorites
among the extensions, as well as
online extension purchasing and
direct download into the software

34



Ra pld Miner vo.0 TO BE RELEASED IN NOVEMBER 2013

RapidMiner v6.0 New Features

* Pre-built templates for self-service predictive analytics

New Welcome screen makes it easier and faster to get started
« New Result view, with call to action(s)

« New Statistics and Charts views

« Improved Tours and Tutorials

« Other improvements and bug fixes

n)))] rapidminer 35



RapidMiner Accelerating the Growth

- RapidMiner (formely Rapid-I) has been growing and
profitable for many years

- US$ 5M Series A investment secured in October 2013
- Rebranding and new web site: November 4™, 2013

- RapidMiner already is one of the most powerful and
flexible predictive analytics solutions in the market

- Now: Focus of on ease of use and self-service predictive
analytics: application templates, tutorials, etc.

- Investement for accelerating the development of our
innovative solutions and for further growth

,J)) rapidminer y



Our Vision

« To become the de-facto industry standard for analytics
built on an open stack.

« To help business analysts fully harness the power of their
data to predict the future.

« To make it easier for organizations to extract value from
their data.

M))j rapidminer



RapidMiner 6 Preview: Ease of Use

};r Use Case Templates

Template

o Select Template

to include text messages, emails, online ads and other
(]
metrics. RapidMiner s Direct Marketing template allows fo r B u S I n ess U Se rs
. | Churn ~_  Sentiment Analysis
The cost of retaining an existing customer is far less than —— T D D
customers are most likely to switch to a competitor and why,

Direct Marketing /?? Preventive Maintenance
What was once a postal delivery channel has now expanded ) :/ . .
digital advertising. Businesses must account for spending < Appl Icatlon Use Cases
across these platforms and provide analytics to support RO
businesses and nonprofits organizations a way to frack and
spend wisely.
acquiring a new one. RapidMinera ™s Churn Analysis . E f U d F'
e j1r:|:3t-3 sifts through your customer data to identify which - a Se 0 Se a n I rSt
sothat you can implement a targeted retention campaian in a P red i ctive An a Iyti CS
timely fashion.
L[] L] L[]
Results within 2-5 min.

J
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RapidMiner 6 Preview: Few Clicks...

A+ Use Case Templates Step 1 :
Template Data Direct Marketing Se I ect yo ur use case.

Direct Marketing Data

To run a direct marketing campaian you need data about your
customers. In your data table, use one row per customer. For some
of them you need to know whether or not they responded to previous
campaign (or an evaluation sample if a previous campaign does not
exist). Mame that column response, using the values yes and no.
For the remaining customers, you can leave the column blank.

Customer Characteristics

Besides this, you can use as much information as you can getto
characterize your customers. Here are some ideas:

# Demographic data: Age and gender are often the most
relevant influence factors. From the zip code you can infer
other relevant properties (ruraliurban, purchasing power,
etc)

& Web logs: If you have a Web site, you can extract
information on the number of visits or purchases in the past.
Browser type and ISP or email providers (free vs premiumy)
may be characteristic properies.

# Social media: Link up with Facebook or Twitter to learn
about interests and habits of your customers.

Any ofthese should be added as a separate column to your data set.
Do not use too much redundancy, but try to focus on what you expect
to be the bestindicators.

ii Use demo data L__\_ln' Open file

Demo Data

Ifyou want to get an impression of how such a data set should look
like, click on "Use demo data™

Tet e e Step 2: Select your data
set by drag & drop or via
J,/l,))rapidminer file browser.




RapidMiner 6 Preview: Few Clicks...

A Use Case Templates

Template Data Direct Marketing
Your Data I Clear data

Direct Marketing Data
age gender area email mobile logins 4 weeks logins 6 months sales 4 weeks sales 6 months sales fotal response

To run a direct marketing campaign you need data about your
760 male urban free never 0.0 0.0 0.0 0.0 67.0 no customers. In your data table, use one row per customer. For some
ofthem you need to know whether or not they responded to previous

63.0 male wurban premium always 1.0 7.0 0.0 0.0 0.0 no campaign (or an evaluation sample if a previous campaign does not
exist). Name that column response, using the values yes and no.
43.0 male urban fmail never 0.0 0.0 0.0 0.0 0.0 yes For the remaining customers, you can leave the column blank
240 male urban fmail never 0.0 0.0 0.0 0.0 0.0 no Customer Characteristics
Besides this, you can use as much information as you can getto
Your data setis large. We recommend to run it on a sample of the data to test this template first. characterize your customers. Here are some ideas:

[) Run template on the full data set - Demographic data: Age and gender are often the most

relevant influence factors. From the zip code you can infer
other relevant properties (ruraliurban, purchasing power,
etc)

& Web logs: If you have a Web site, you can extract
information on the number of visits or purchases in the past
Browser type and ISP or email providers (free vs premium)
may be characteristic properties

& Social media: Link up with Facebook or Twitter to learn
about interests and habits of your customers.

Please select a column containing the
information whether or not a customer
responded to your mailing campaign.

Any of these should be added as a separate column to your data set
Take me to Do not use too much redundancy, buttry to focus on what you expect

to be the bestindicators.
the results
Demo Data

If you want to get an impression of how such a data set should look
like, click on "Use demo data™.

oo ®

response

Step 3:

View your data and select
the target variable,

for example the customer
response in a direct mailing.

) Tell me more...
Paositive class:



RapidMiner 6 Preview: Quick Results

)ﬁr Use Case Templates

Template Data Results Direct Marketing
. Direct Marketing Actions
o Analytical Results 9
Congratulations, you have successfully run a direct marketing
= analysis. This dashboard shows what actions to take next.
Influence Factors Decision Tree Influence Factors
10 i § The two images atthe top help you understand your customers.
' |sale56 months | The bar chart shows which of the properties of your customers
0.8 h } have the biggestimpact on whether or not they respond to your
0.8 w22 =22 campaign. The decision tree next to it displays how you can
0.7 L | identify potential responders. Follow a path from the rootto a leaf
- 06 yes |'age‘| and observe the criteria identifying this customer group. The leaf
-g‘ . — - itzelfindicates whether there are more responders or more
g 0.5 non-responders in that gruop.
0.4 3 .
! o Customer Selection
03 Atthe center, we have a table of customers that we recommend
02 4 for addressing in your marketing campaign. These are the
0.1 customers for which the generated model achieves the highest
confidence values.
0.0
£ & 2 g P22 L E L Sample Evaluation
= = = - ]
g E EY g ] E _% The predictive model generated by this template utilizes the
o o E i n customer data you provided. It is often costly to obtain such data
% _E o ;n since evaluation campaigns have to be run, etc. The elements in
@ E‘ = the bottom row help you to decide whether or not you have
Attribute collected enough data. The "Learning Curve”™ on the leftvisualizes
how the prediction quality increases as more and more data
These are the most important features that characterize your This model describes how to characterize your customers as samples are added while generating the model. Ifthis line is still
customers. responders or non-responders. rising at the far right, this indicates that the model may still benefit
from addina more data.
T] show me how it works!
Target Grou
9 P B ExportHTIL

Step 4: Run the analytics process.
Step 5: View analytical results,
valueable gain insights.



RapidMiner 6 Preview: De

| [Template/Direct Marketing/2013-11-05 1254 /process* — RapidMiner 5.3.014 @ klinkenberg-PC

File Edit Process Tools View Help

H_j' E El Ejﬂ 3 M \g ’ EE E E ‘ﬁ:] '/D DF’mcessDesign DF’mcessRe

H‘Process
|94 @@=t

= XML

\}l Repositories i Operators

Process »

@~ |
Bl 5 Import (28)

=| Comment

ployment

=] a(19)

5 Read Excel —

45 Read Database ¢

L Read AML out exa exa [} q ine out

3 Read CSV ? ari [y out

45 Stream Database -] !;ﬂ out

45 Read Excel with Format out

3 Read XML at

45 Read S5AS

45 Read Access

a5 Read ARFF

a5 Read XRFF

3 Read SPSS

45 Read Stata

&5 Read Sparse

5 Read DBase

3k Read C4.5

45 Read BibTeX

% Read DasylLab
5 Read URL

] Models (3)

] Attributes (2)

] Results (1)

] other (2)

@ Read Fitter Apphy
£ Export (18) g exa )
] Data Transformation (115)

i Modeling (258)

(2] Classification and Regression (167)

(2] Attribute Weighting (33)

(2] Clustering and Segmentation (22)

(2] Association and Item Set Mining (11)

(2] Correlation and Dependency Computation (3)

Filter Training Multiply (2)

Yo

0-F-#

[ Similarity Computation (4) 2 Problems © Log
2] Model Application (13) 3
potential problems
£ Evaluation (32 ]
Message

e

JSE I W 0 - A - RO

Step 6: Deployment:

Default precis...

inp res

inp .% res

o

o
Q= mad [)
@ b
=)
Learning Curve| Performance

Fixes

NS
sults ‘ @ -
@ Help B system Monitor [5# Parameters

p Context

@ - ¢ -]

2 Macros
Macro Value
label response

Weights =
label_positive_cl yes

Apply on Data

Location

.
| I e FBFE a0 2@

View the underlying RapidMiner

process details, customize if necessary, apply it,
integrate it, automate it, deploy it, ... it is that simple.




RapidMiner Application Use Cases

B For more application used cases:

Chapman & Hall/CRC
Data Mining and Knowledge Discovery Series

RAPIDMINER New book published end of October 2013:
Data Mining Use Cases and
Qe nshytics Applications RapidMiner: Data Mining Use Cases and
aaset Business Analytics Applications
ata- = ’
RaPIdMlnel'zi:ﬁt;::nF? in the Chapman & Hall / CRC Data Mining
i ed‘v?:”detectub ; U§|m agém and Knowledge Discovery Series, editors
e text _}‘f_ it Markus Hofmann and Ralf Klinkenberg,
.g BB authors from the RapidMiner development
= team and the RapidMiner community
Markus Hofmann including developers, partners, customers,
el researchers, business users, covering
I, many diverse use cases from research and
industry

u,/l’)) rapidminer



Our Vision

- To become the de-facto industry standard for analytics
built on an open stack.

- To help business analysts fully harness the power of
their data to predict the future.

- To make it easier for organizations to extract value from
their data.

Q))) rapidminer
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OPEN SOURCE ANALYTICS IN
HUNGARY:

UNITED CONSULT

Certified RapidMiner Platinum Partner with highly skilled
experts and many satisfied customers.



10 years

130 consultants

.

> UNITED CONSULT ™y,

double-digit growth

/( telenor _ T
S}

ERSTEé

GE Healthcare
IT Serv1ces @ @

amdocs

vodafone

Magyar
* Telekom

8l

n'lvm

TERADATA

N e,
K&H

Nav N Go

X

Raiffeisen

Testing and Quality Software IT Operation and
Business Intelligence
Assurance Developement Maintenance

S. ENCSY Métyas

20

f Business analyst \

Data Scientist
Architect
Data modeler
ETL designer
Data miner
Back-end developer
Front-end developer
Report developer
Tester

\ Project manager )




=Eclipse
=sAndroid
=DCMTK
mEmacs

uVi
=Notepad++
=GCC

mJava

=Perl

=Php
=Python
=Cygwin

=Mantis
sTestLink
mSavanne
=Bugzilla
=Jmeter
sSelenium

uLinux

=MySQL

mApache HTTP server
=Mozilla Firefox
=Zimbra

=Openoffice

=JIRA

=VirtualBox

=RapidMiner
=R
=Talend




Why? Used as a specialized tool
= Cheap initial cost = Development
= Not mature processes = Testing
= Data Mining




1)) miner “..° UNITED CONSULT

Chosen because Platinum partnership
= best in class = 1 Certified Rapid-I Master
= fast growing = 4 Certified Rapid-I Analysts

= enterprise ready

i O e
telenor e TakarekBanl
fc HEC Magyar Posta & kcpigc

Other activities
= Official courses
= Education (ELTE, BME, Pannon, etc)
= Hungarian translation
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Contact Us

M))) rapidminer

Ralf Klinkenberg

RapidMiner

» Boston, MA, USA

« Sunnyvale, CA, USA

* Dortmund, Germany

« 35+ partners world-wide

www.RapidMiner.com

contact@rapid-i.com

klinkenberg@rapid-i.com

D

.+ UNITED CONSULT

S. Encsy Matyas

United Consuit Ltd.

« RapidMiner Platinum Partner
- Headquarter in Budapest

130 Consultants in Hungary
 Local support and expertise

www.United-Consult.hu

Matyas.Encsy@united-consult.hu
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